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Data has always been the foundation of the banking industry. That said, this foundation 
is an ever-changing one that must be regularly evaluated. The amount of data available 
and the speed at which it is processed varies. This should be taken into consideration 
in addition to the adaptations that must be made to account for market volatility. New 
technology gives banks the power to collect, store, and analyze exponentially more 
information than was imaginable not too long ago, which is great considering the ever-
increasing amount of data flowing into the organizations. 

Banks already know that to succeed in today’s ecosystem, they must use this data at 
a massive scale to continuously innovate. Not only aiming to utilize AI applications 
but leveraging them in every single facet of the organization in all day-to-day business 
processes — Everyday AI — should be the trajectory of banks’ AI goals. 

Yet most banks struggle amidst the complexities of the data itself, regulations, and more, to 
craft these permeating and lasting AI strategies. So, where should they start? 

Introduction
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Before diving headfirst into AI, banks should: 

Ultimately, the end goal (Everyday AI) for banks means turning data from the cost center it 
is today into a source of efficiency and a wealth of information that provides fundamental 
value to the business. With the right approach, all of this can be achieved by leveraging 
work that’s already been done!

1. Bring the idea of “doing AI” down from a pedestal and instead break it down 
to what will actually work for the needs of their organization. 

2. Realize that fully integrated AI is a journey — a series of steps and gradual 
competencies to work up to over the next several years. One of those steps is 
the gradual improvement of messy internal processes so that entire teams or 
divisions take steps toward using data and AI to work smartly, efficiently, and 
within regulatory standards.

3. Build on foundations. The idea of AI intimidates many banks even though 
they’ve already been laying the foundations of successful AI projects for 
years or decades. Quants, algorithmic traders, risk analysts, fraud analysts, 
pricing teams, the list goes on — these people and teams already form the 
building blocks of a robust, inclusive strategy. Successful banks build upon 
this pre-existing framework. 
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THIS EBOOK WILL:

• Define what it actually means to leverage AI in banking.
• Uncover the top challenges to AI adoption in the sector (and how to address them).
• Determine where to focus in order to successfully infuse AI into an organization. 
• Provide an overview of organizational structure(s) for enabling AI.
• Share use cases for AI in banking and highlight success stories from banks already 

leveraging AI.
• Highlight the best practices to apply and the next steps to take for AI in banking.  

Dataiku and Banking  

Dataiku is the platform for Everyday AI, systemizing 
the use of data for exceptional business results. By 
making the use of data and AI in an everyday context, 
Dataiku unlocks the creativity within individual 
employees to power collective success at companies 
of all sizes and across all industries. Dataiku provides: 

• A common ground for data experts (e.g., data 
scientists, quants, actuaries) and explorers (e.g., 
analysts, business users) alike.

• Repositories of best practices for easy 
reproducibility and more agility.

• Shortcuts to machine learning (ML) and AI 
deployment/management.

• A centralized, controlled environment to navigate 
governance and regulatory challenges with ease.

Dataiku has worked with numerous banks across 
multiple continents and, through these relationships, 
witnessed first hand both the challenges that arise 
during AI integration as well as the approaches that 
result in success for various organizations.
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Top AI Integration Challenges for
Banks & Advice for Navigating
Them 

First, let’s identify four major challenges banks face when implementing AI as well as 
suggestions for addressing, or at least smartly approaching, each challenge.

One of the biggest roadblocks to successfully scaling AI in banking is not a question 
of putting ML models into production or even of creating the models themselves. 
Fundamental data management is essential to enable an organization to leverage data 
from the bottom up, democratizing data use across teams and roles.  

This challenge is not unique to banking — a cross-industry survey revealed that no matter 
what the business, fundamentals like cleaning and wrangling data as well as connecting 
to data sources consistently rank as the top challenge for participants. Ultimately this is 
a positive finding because it is a problem that many have faced and solved before, which 
means banks don’t need to reinvent the wheel to find quick solutions.

In general, the answer lies in tooling — having a central (yet controlled) place where data 
can be accessed and used, all in a user-friendly interface that isn’t just meant for data 
scientists, quants, or other technical profiles. Critically, the system for accessing and 
cleaning data should not be locked to the underlying architecture. By separating the two 
elements you ensure that no matter how many different places data is currently stored — 
or will be stored in the future — teams won’t have to constantly change their day-to-day 
processes or tools to adapt.

Ideally, data access and wrangling isn’t just happening in a one-off ETL (extract, transform, 
load) tool, either; it should be incorporated into downstream systems so that, when 
relevant and appropriate, technical teams can take over the work of analysts and easily 
apply ML techniques to bring more value. 

1. Data Essentials (Access, Wrangling, etc.) 
and the Costs of Technology

https://content.dataiku.com/ai-impact?lb_email={{contact.email}}
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ADVICE:

Plant the seeds for self-serve analytics, which is enabled by any system 
within which business or analyst staff can access and work with data to generate 
insights (predictive or not) alongside data visualization, with little direct support 
from data scientists, IT, or a centralized data team (though the self-service 
platform itself should be supported by these personas). 

Ideally, self-serve analytics would be established as a baseline throughout the 
entire organization. Often that’s easier said than done — getting everyone to 
agree on what the system should look like, the functionality it should have, etc., 
can take months, but it is a critical part of the process.

Banks that have been successful in implementing a self-serve analytics program 
are those that get buy-in from different business lines from the ground up, 
understanding their needs deeply and testing tools and processes to determine 
what the best solution is. 

Ultimately, only the stakeholders in different lines of business can properly 
evaluate the functionality and ease of use of any self-serve data tools based 
on the skills of their teams. Getting their input from the start means that come 
launch, those business stakeholders will already be invested.
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Seriously consider the consequences of build vs. buy and the associated 
ROI. It’s no surprise that the age-old question of make vs. buy has made its way 
into the AI space. And building one’s own platform or tool for the production of 
AI systems seems tempting at first glance for many reasons: organizations that 
consider this path feel that a home-grown solution would be more customizable, 
controlled, and secure, as well as less costly. It would also potentially bypass the 
possibility of vendor lock-in. However, it’s worth noting that building one’s own 
tools — and specifically one’s own AI platform — has drawbacks as well:

• Maintenance: Building an AI platform will undoubtedly require continual 
resources, even after the launch. Not only to maintain existing features but 
also to fix any bugs that arise or adaptations needed to meet new basic 
requirements.

• Continual innovation: Along the same lines, building one’s own AI platform 
isn’t a one-shot deal. The field is constantly evolving, which means an AI 
platform will need to constantly adapt in order to avoid becoming quickly 
outdated and defunct. It will not only need to adapt but adapt quickly in 
order to keep pace with technology and competitors.

• Cost: Building includes not just the initial cost of development, but also 
this continual maintenance. That means instead of being a one-time cost, 
the home-grown AI platform actually continues to be a growing cost center 
(consider hiring the engineers to maintain the system, turnover in the 
department, and more).
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The elephant in the room when it comes to AI in banking is, of course, the regulatory 
environment. Between the European Union’s General Data Protection Regulation (GDPR), 
the California Consumer Privacy Act (CCPA), New York Department of Financial Services 
Cybersecurity Regulation, third-party risk management (TPRM) expectations, and the SEC 
disclosure guidance — the trends in banking compliance regulations when it comes to data 
are complex and increasing. 

2. The Regulatory Environment
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And that only covers regulations touching the issues of cybersecurity and privacy. Once 
combined with additional regulations surrounding financial crime, Financial Accounting 
Standards Board (FASB) standards, and more, the outlook becomes both complex and 
nuanced. 

More so than any other industry, banks must put concerns of transparency and 
reproducibility at the forefront. In fact, this challenge alone carries such heavy 
consequences that banks often shy away from scaling AI efforts. 

And to be sure, black-box ML (that is, models that simply spit out a prediction or a 
result with no visibility at all into how the decision gets made) is not within the realm of 
possibility for banks. Models that cannot be explained simply do not have the level of 
reproducibility and transparency of results that regulatory standards demand. 
In order to comply with regulatory requirements, banks will need to build models that are 
inherently interpretable. Yet it is important to acknowledge that what can make ML models 
particularly accurate is often also what makes their predictions difficult to understand: 
they are very complex. Thankfully, it is possible to build very effective and transparent 
models with the right tools and approach. 

Aside from building models that are interpretable from creation, there is the larger 
question of governance itself. With data privacy laws cropping up worldwide, it’s not 
uncommon to see data or analytics teams in banks become paralyzed with uncertainty.

https://content.dataiku.com/black-box-vs-explainable-ai?lb_email={{contact.email}}


10

Under data privacy regulations, working directly with personal data is limited, and working 
with anonymized data — while an interesting option if effective — is difficult (not to 
mention resource-intensive) to do correctly. So what other options exist for banks to work 
with data in an increasingly regulated world?

Pseudonymization is the processing of personal data in such a manner that the personal 
data can no longer be attributed to a specific data subject without the use of additional 
information. While this clearly means that pseudonymized data is still personal data (since 
it is not anonymized), it does provide some additional freedom for banks to work with data 
provided that they have specific, defined projects with controlled access and clear data 
retention policies.  

With some expertise and education of people, careful governance processes, and 
the right tools (for example, choosing an AI platform that allows for complete model 
interpretability), the current and future regulatory challenges around AI are not 
insurmountable. 

ADVICE:

Don’t cause an IT nightmare by cobbling together a host of different 
tools throughout the data pipeline. Using one tool among analysts for data 
preparation, another among data scientists for building models, and yet another 
for validating and deploying those models into a production environment not 
only is inefficient overall in terms of time spent building and integrating data 
pipelines, but it leaves lots of room for error from an IT perspective, which 
means an increased risk of cost overruns, project delays, data loss, security 
issues, and more.

Messy governance between lots of different tools is a quick path to non-
compliance with regulations. Choosing the fewest possible technology vendors 
to accomplish the task(s) at hand will allow for easier governance. This is 
especially important as data efforts continue to grow and the number of day-to-
day data users grows. 
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Choose technology vendors smartly; for example, steer clear of those that 
don’t allow the use of open source technology, that make users learn an entirely 
new language (which means slow onboarding and barrier to entry), or that lock 
the business into using one kind of data storage, architecture, etc.

When making the choice to buy instead of build AI platforms, it’s critical to look 
for an AI platform or vendor that is:

• Flexible and robust: From allowing contributions and use by multiple 
profiles (quants, data scientists, actuaries, analysts, business experts, and 
more) to offering a myriad of connectors to data sources and other business-
critical systems, look for an AI platform that is technology- and profile-
agnostic. Flexibility also means the ability to incorporate cutting-edge open 
source tools, allowing banks to leverage the latest and greatest techniques, 
as well as attract the best talent.

• Secure, yet transparent: Any tool banks use should allow AI processes to 
be transparent enough to comply with Responsible AI standards as well as 
specific regulations, and secure enough to ensure that the company isn’t 
being put at risk.

• Devoted to innovation: AI platform vendors should be committed to moving 
quickly with the world of AI technology. That means having a large research 
and development (R&D) staff that will allow them to do the heavy lifting in 
terms of incorporating the latest trends, features, etc., into the platform.

Not choosing the right vendor to provide AI solutions can mean being locked into 
a tool that is slow to innovate, doesn’t provide the right security controls, lacks 
features the business needs down the line, and a host of other possibilities. 



12

In a topic that is intrinsically intertwined with regulatory requirements, the struggle 
between velocity and proper processes for model risk validation can leave an AI project 
moribund. Mitigating risk is the top priority, meaning that model risk review can not be 
sped up in a way that compromises the quality of the validation itself. 

However, there are many improvements that can be made and fundamentally better ways 
to address this challenge; namely by introducing consistency and reproducibility into the 
process of model sign-off prior to production, and by bringing this process as close to the 
reality of the built models as possible.

MRM teams may look at models from different organizations or groups across the 
company, each of whom have unique processes and may construct models in different 
systems, with different techniques and capabilities. As a result, for each review, the 
model risk validation team loses time getting their bearings. Similarly, without a 
consistent system or process by which models are delivered, the next step (deployment to 
production) is elongated.

3. Model Risk Management (MRM) and 
Validation
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More fundamentally, these teams are often disconnected from the business intent 
behind the models and the data scientists who have produced them. As a result, they 
may end up functioning in a primarily bureaucratic manner, requiring the provision of a 
predefined report which will be produced and reviewed by rote. As a result, the process 
can take weeks or months to resolve, and often the final result is unsatisfactory from the 
perspective of the ideal aims of the MRM team themselves, let alone the business.  

This situation is painful for the teams directly involved, along with analytics and business 
leaders who face stalled model production lines. Creating consistent and automated model 
risk reporting and an integrated production approval process is an effective initial step to 
speed the process. 

Leveraging the underlying AI platform itself to provide model risk teams with the insight 
and information they need to make an informed decision is a powerful reformation of the 
problem itself and can bring substantial gains. At its most powerful, model risk teams may 
be in the position to review and understand the entirety of the model under discussion by 
evaluating it in the same environment it was built, through powerful AI explainability tools 
and comprehensive change tracking.

Banks that are able to quickly move through the model risk validation stage can best 
achieve this by having everyone across the company working in the same tool so that 
once models need to be validated, the team evaluating their risk knows what they’re 
dealing with, how to find the data sources the model is built on, see clearly what data 
transformations were done, and can evaluate the model directly. From there, the tool 
where the models were delivered and validation completed is also ideally the same tool 
where deployment to production happens.
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Start building an efficient way to operationalize models. To effectively 
integrate data into business processes, it’s not just about putting one model in 
production — it’s about hundreds or thousands of models. 

Data teams face a number of challenges with ML model operationalization. 
Typically, to get the model deployed, coordination is required across individuals 
or teams, where the responsibility for model development and model 
deployment lies with different people.

Once in production and running, however, teams then face the problem of 
maintaining that model, tracking, and monitoring its performance over time. 
In some cases, by the time a model is finally deployed it is already outdated as 
new, evolving data is coming in.

As the model is retrained and the deployment is updated, keeping track of 
different model versions in various stages of development becomes an ever 
more demanding task — and this is just for one model. Now imagine if you had 
tens or hundreds?

On top of this, banks have the extra added challenge previously touched on 
regarding validation by risk teams, which further complicates and lengthens the 
model operationalization process.  

The solution to all of this is preparing now for smooth, efficient, fast (yet 
compliant) operationalization, which means being able to seamlessly integrate 
end-to-end not only the production process, but data ingestion, preparation, 
and modeling. The ultimate goal is maintaining the consistency and coherency 
of an entire data science project, where final deployments can be traced right 
back to the initial datasets.

ADVICE:

Getting everyone on the same page and in the same tool ensures a faster process start-to-
finish that can ensure models make it into production in a matter of days or weeks (not 
months or years as is the case with many banks today). 
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Unify the workspace for creating, reviewing, and productionizing models. 
The most effective way to ensure your models are evaluated efficiently and 
thoroughly is to present them in an easy-to-understand manner without 
intermediation. Allow review and approval teams to evaluate the models 
directly within the platform they have been built within, and provide them with 
effective explainability and fairness toolkits in that same environment. Instead 
of providing poor quality and abstract maps, let them walk through the territory 
itself. 

Enable people to work safely with sensitive data. The idea that no data team 
can use or process personal data in any way, shape, or form following GDPR, 
CCPA, or the implementation of any other similar data regulation is a myth. In 
fact, most regulations (GDPR included) list specific stipulations under which 
personal data may be processed. 

The ways in which personal data can be obtained and used are limited, and 
organizations certainly need to be extremely prudent at every level. But it’s 
simply not true that data teams (including analysts as well as data scientists) are 
completely blocked from using personal data.

One of the biggest advantages for banks in using data platforms is simpler 
compliance with data regulations. Data platforms allow for:

• Personal data identification, documentation, and clear data lineage — that 
is, they allow data teams and leaders to trace (and often see at a glance) 
which data source is used in each project.

• Access restriction and control — including separation by team, by role, the 
purpose of analysis and data use, etc.

• Easier data minimization — given clear separation in projects as well as some 
built-in help for anonymization and pseudonymization, only data relevant to 
the specific purpose will be processed, minimizing risk. 
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4. Hiring
Ask any major bank today to identify their biggest challenges when it comes to AI progress 
and hiring will be top of the list. Creating collaborative teams with technology competency 
is a critically important element to AI strategy, yet there are still a lot of misconceptions 
out there about the hiring process as well as a lack of clarity in how to best bridge cross-
departmental knowledge gaps. 

Taking a quick step back, it should come as no surprise that hiring for data and analytics 
talent is an issue for many companies. For smaller companies, it’s often because they don’t 
have the budget to attract top talent, and for bigger companies, many don’t have clarity in 
hiring strategies. 

In fact, many companies attempt the data scientist hiring process before they even have a 
project or goals in mind. This doesn’t make sense for several reasons, not least of which is 
because there isn’t just one kind of data scientist, and so the needed skills vary greatly by 
use case.

For banks, hiring is even more of a challenge because it can be difficult to find people 
who are both cutting-edge in their AI technology knowledge in addition to having a deep 
understanding of the industry. How will one bank find an entire team of data scientists with 
these skills, much less ensure that they can retain them (especially given that data scientist 
turnover is notoriously high)?

The answer to this challenge lies in making the use of data and AI an everyday behavior for 
everyone across the organization. It doesn’t make sense (financially or in terms of risk) to 
search for unicorn data scientists and build teams from scratch. Instead, today’s successful 
banks leverage the business knowledge of the existing staff, immersing diverse talent 
across different facets of the organization in data processes. Many banks overlook the data 
talent throughout their organization and fail to make training and education initiatives a 
key focus. 

A Gartner® study provides the strategic 
assumption that “by 2022, 50% of 
organizations will have business-IT 
collaboration teams driving technology-
based business innovation. 1

1 Gartner Formulate a Strategy for AI Skills Acquisition and Upskilling; Whit Andrews, Eric Brethenoux, 6 January 2021. GARTNER is a registered trademark and 
service mark of Gartner, Inc. and/or its affiliates in the U.S. and internationally and is used herein with permission. All rights reserved.
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One final unique challenge that banks face when it comes to hiring is the immense uptick 
in compliance staff headcount that has become commonplace given the need to meet 
strict regulatory standards. This is something that many banks have discovered simply 
cannot continue — it’s not scalable, and there will come a tipping point where without the 
right tools enabling efficiency, more compliance staff will not mean more compliance. The 
ultimate challenge of hiring therefore is less about more staff and instead about tooling, 
enablement, and introducing efficiency with existing staff  — upskilling. 

ADVICE:

Upskill your business people (whether analysts in risk, pricing, etc. or even 
business people without any “analyst” title) instead of continuing to hire new data 
staff without a plan or agenda. After all, this existing headcount already has deep 
knowledge of business systems, needs, and the regulatory environment.
  
The options for today’s modern banks are either to continue to hire new data 
and analytics specialists (who are generally difficult to find, expensive to hire, 
and hard to retain) or make everyone into a data specialist. Large enterprises 
outside of the banking world, as well as more and more financial institutions, are 
starting to realize the value of the latter alternative for systemized AI and data 
transformation.

“We worked on having a very diverse team 
with 20-25 data scientists, and after 25, the 
funny thing is that it worked on its own — 
we didn’t have to look for people actively, 
they came to our team. Dataiku helped as 
well because to get a new colleague up 
and running used to take 2-3 months, and 
now it’s 3-4 days. When we ask why data 
scientists came to Rabobank, we hear ‘We 
can start working on a project within the 
first month, and that’s cool!’” 

 — Martin Leijen, Business Architect Data 
Wholesale and Rural at Rabobank 

https://content.dataiku.com/rabobank?lb_email={{contact.email}}
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Get staff out of spreadsheets, which contribute massively to security concerns, 
inaccuracies, and inefficiencies with versioning issues, lack of logs or rollback, 
and more. If complying with regulations and reducing risk are top concerns (and 
they are), then spreadsheets and other forms of End User Computing (EUC) are a 
reservoir of problems that will need eventually to be drained.

In a benchmarking survey of senior 
executives in over 1,200 companies, nearly 
a  quarter (22%) cited the capacity to 
manage the size and frequency of data as 
the main challenge they face with data.

Moving all staff working with data out of spreadsheets and into a centralized data tool 
also provides efficiencies and opportunities. For example, with the right setup in terms 
of governance and permissions, analysts can access data directly without having to go 
through IT teams, work with it in place, create visualizations or other outputs, and share 
access to those outputs directly with others who need the information: all within a single 
controlled and well-governed environment. This enabling of data access alongside data 
processing allows many more personas across the organization to upskill into roles with 
data management responsibilities. 

https://content.dataiku.com/driving-roi-through-ai
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Leverage people who already have statistics and math skills, bringing them 
into the data science age. From actuaries to quants, don’t let these skills go to 
waste and instead work on education and transitioning into roles where their 
deep industry knowledge can be easily leveraged. After education, the next step 
is to provide the tools that allow non-data scientists to participate in the data 
science process. 

That means features that support AutoML and augmented analytics, but also 
that allow non-data scientists to do things like connect to data and do data 
cleaning or exploration — all without code. But it also means being able to work 
closely on projects as needed with data scientists and data engineers. This 
collaboration is a critical step: investing in upskilling without the ability to then 
connect these employees into the overall data science, ML, and AI strategy is a 
misplaced and far more limited approach. 

“The self-service data initiative at GE 
Aviation was born out of a conversation in 
a conference room. The idea was that you 
would never be able to hire enough data 
professionals to meet the data demands of 
the business, so instead, why not turn the 
business into data professionals. ”

Jonathan Tudor, Director - Data & 
Analytics at GE Aviation (from the ebook GE 
Aviation: From Data Silos to Self-Service; 
A Deep Dive into the Process, People, 
and Technology that Enabled GE’s Data 
Revolution)

https://content.dataiku.com/economics-of-ai/ge-aviation-white-paper
https://content.dataiku.com/economics-of-ai/ge-aviation-white-paper
https://content.dataiku.com/economics-of-ai/ge-aviation-white-paper
https://content.dataiku.com/economics-of-ai/ge-aviation-white-paper
https://content.dataiku.com/economics-of-ai/ge-aviation-white-paper


20

Utilize open source technology, because adopting this technology into data 
science, ML, and AI processes signals that banks are dynamic organizations 
with future-focused philosophies. In fact, the bleeding edge of data science 
algorithms and architecture is only about six months ahead of what is being 
open-sourced. Open source very much acts as “technological honey” that banks 
can use to attract the best data talent. 

After all, data scientists want to hone their skills on tools that will become more 
widespread in the coming years. In addition, it’s important to remember that 
talent is not uniform. Some ML experts code in Python, others in R — banks that 
leverage open source tools can have both kinds of experts. But those using a 
proprietary solution with its own particular language and learning curve to adopt 
can only recruit people who know (or are willing to learn) this particular solution.

“We worked on having a very diverse team 
with 20-25 data scientists, and after 25, the 
funny thing is that it worked on its own — 
we didn’t have to look for people actively, 
they came to our team. Dataiku helped as 
well because to get a new colleague up 
and running used to take 2-3 months, and 
now it’s 3-4 days. When we ask why data 
scientists came to Rabobank, we hear ‘We 
can start working on a project within the 
first month, and that’s cool!’” 

 — Martin Leijen, Business Architect Data 
Wholesale and Rural at Rabobank 

https://content.dataiku.com/rabobank?lb_email={{contact.email}}
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Use Cases for Data Science, 
Machine Learning, and 
AI in Banking

Here are some of the most frequently seen use cases in the banking industry:

Financial Crime, Fraud Detection, & Cyber 
Security

Anti-money laundering (AML) is a complex issue that can take multiple forms and shapes 
and impact different critical processes within financial services firms’ players. Financial 
crime mechanisms also tend to evolve extremely quickly as offenders find new ways of 
developing money laundering techniques, tax evasion strategies, and more. Leveraging 
data across diverse processes within and across financial institutions has become a 
requirement in tackling this challenge. Several banks integrate ML-powered models in their 
AML set-ups, enabling them to reinforce their rules-based financial crime processes while 
preserving the best standards of explainability.

Customers can use Dataiku to develop ML-based anomaly detection systems that allow 
for the use of wide and varied data sources, which is essential to finding needle-in-the-
haystack anomalies and can be used to supplement existing business rules or guide their 
enhancement and adjustment. These same techniques can also be used to triage existing 
alerts by priority, ensuring the highest-risk alerts are addressed immediately.

Global business information provider IHS 
Markit predicts that the business value of 
artificial intelligence (AI) in banking will 
reach $300 billion by 2030.

https://technology.ihs.com/612413/artificial-intelligence-in-banking-report-2019
https://technology.ihs.com/612413/artificial-intelligence-in-banking-report-2019
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BGL BNP Paribas: Improving Fraud Detection by 
Evangelizing Data Science

In just eight weeks, BGL BNP Paribas created an 
improved credit card fraud detection prototype 
with Dataiku which, after validation, now replaces 
their historical rules-based approach, delivering 
a reduction in false positives of 60%. Thanks to 
Dataiku’s advanced, enterprise-level security and 
monitoring features, the company was able to do 
all of this without compromising data governance 
standards.

The project involved data analytics and business 
users from the fraud department as well as data 
scientists from BGL BNP Paribas’ data lab and from 
Dataiku. The collaborative nature of Dataiku and 
the involvement of teams throughout the company 
allowed for the optimal combination of knowledge to 
produce an accurate model delivering clear business 
value.

Whether being used to detect ATM fraud, bad check writing, or insider threat, fraud 
detection is all about finding patterns of interest (outliers, exceptions, peculiarities, etc.) 
that deviate from expected behavior within the dataset(s). Using multiple types and 
sources of data is what allows banks to move beyond point anomalies into identifying 
more sophisticated contextual or collective anomalies. And when it comes to managing 
massive amounts of data in near real-time from many sources, AI is essential — it’s one 
of the most effective ways to build ever more sophisticated fraud detection systems as 
fraudsters’ methods evolve.

continued on following page
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Dataiku’s production features allowed for a 
smooth transition in BGL BNP Paribas’ production 
environment, enabling the new fraud prediction 
project to show results very soon after the start of 
the project. This, combined with Dataiku’s ability 
to enable quick prototyping, allowed BGL BNP 
Paribas to quickly test new use cases in a sandbox 
environment, giving teams the flexibility to evaluate 
new use cases in just a few weeks’ time and validate 
their global impact.

In turn, the success of the first fraud prediction 
project was the catalyst for company-wide change 
at BGL BNP Paribas. Following the completion of the 
project, there has been a marked shift in company 
culture to focus on deployment, industrialization, 
and quick, easy prototyping across their data 
products.

from previous page
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Sales & Marketing 
AI-powered solutions for sales and marketing teams help both departments create 
efficient, data-supported systems that yield real results all the way through the customer 
journey. For example, AI action systems provide recommendation systems for sales teams 
that help them manage the sales process and ultimately make the most desirable offers for 
clients. As marketing and sales are interrelated, marketing teams will similarly benefit from 
AI-based messaging recommendations. 

Morgan Stanley Wealth Management: Melding AI 
and Human Insights 

Morgan Stanley Wealth Management augments their 
financial advisors with an AI-based next best action 
system that gives them possible actions to consider 
recommending to their customers. Every day, the 
system looks at every single client in an advisor’s 
book of business, evaluates over 1,000 investment 
ideas and events that might impact clients, and 
scores every possible combination against the 
propensity the client will experience or benefit 
from that event or idea, in order to offer exceptional 
service and value.

Morgan Stanley has been able to craft what Jeff 
McMillan, Chief Analytics & Data Officer at Morgan 
Stanley Wealth Management, refers to as an 
intelligent organization. An intelligent organization 
applies a formula for success that ultimately extracts 
the most value out of augmented decision making, 
relying on the combination of AI insights and human 
intuition. 

Dataiku’s platform supports this formula, and in 
marketing and sales specifically, allows companies 
to deliver the right message to a client through 
the appropriate channel at the right time with the 
systems powered by the software. 
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Environmental, Social, & Governance (ESG)
When it comes to ESG there is no one-size-fits-all. Banks need to be conscious of it 
when building their ESG initiatives and use approaches that allow them to both develop 
analytics or models specific to certain activities or processes, and foster consistency and 
reuse across business lines. 

Having an agile analytics and data science platform is a must-have to effectively tackle this 
multidimensional challenge and fuel ESG efforts throughout an organization. The agility 
in testing, alongside the empowerment of business teams to work with data scientists 
in building the analytics they need and operationalize outputs, will act as significant 
transformation catalysts for these organizations. 

Another thing to note: In an environment marked by a growing regulatory requirement 
for ESG, a platform approach resting on strong explainability and governance principles 
will guarantee the robustness of ESG initiatives over time, ensuring audibility both from 
internal and external control bodies. 

Dataiku makes ESG analysis seamless 
across a range of projects and use cases, 
including climate stress testing and the 
integration of ESG considerations in 
existing banking products and processes, 
from investment and insurance to credit 
scoring and risk identification. 

Entering the ESG space means learning 
to navigate the world of external 
data providers with their respective 
frameworks, coverage, naming 
conventions, and types of data. With 
Dataiku, this data can be easily combined, 
analyzed, and modeled, alongside material 
provided by brokers, research bodies, 
specialists, NGOs, and news feeds.
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Alternative Dataset Valuation
Alternative data is a term designating all the new types of data an analyst can use to make 
better-informed decisions and improve their understanding of the market. They can be 
huge datasets, and they are often unstructured (i.e., they contain things like text and image 
data), which make them very appealing to data scientists eager to reshape how asset 
managers define their investment strategies. 

Risks and challenges are involved in effectively using such datasets. Alternative data 
sources can contain some sensitive information. Clear pipelines that integrate into 
existing data processes could be the answer to mitigating some of the risks involved in this 
nontraditional approach. These data sources can also be complex to integrate into existing 
processes, requiring specialized tools that address natural language processing or other 
advanced interpretability needs.

Ensure that the use of alternative datasets 
for investment decisions is theoretically 
and practically sound with Dataiku. Users 
can automate the entire ML pipeline 
via rapid iteration on ML exercises with 
Dataiku’s visual AutoML functionality. 
All work and changes are persisted 
automatically and bundles can be used 
to stash away snapshots of the project 
together with the frozen data for future 
recomputation of the tasks. 

Dataiku has the ability to ingest large 
amounts of data from disparate sources 
which is particularly enticing for users with 
diverse datasets, alongside plugins and 
modules that make applying advanced 
interpretation functionality simple and 
up-to-date. 
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Governance, when properly implemented, can improve trust in data at all levels of an 
organization, allowing employees to be more confident in decisions they are making with 
company data.

What does all of this mean, practically, for the enterprise? At a minimum, companies 
should leverage process tracking to manage governance, answering questions like “Why 
did we do it this way?” and “Did we apply the checks and balances we were supposed 
to do?” Longer-term, companies should consider technology that allows high levels of 
enablement and governance simultaneously. 

Efficient MRM & Operationalization of 
Governed Model

Dataiku makes it easier to immediately 
understand the scope of a project and 
shows clear data lineage. Dataiku projects 
can be easily copied and that copy verified 
without interfering with the running 
project, while also giving MRM teams 
control of who has access so that nothing 
gets changed or updated during the 
validation process. 

More fundamentally, MRM teams 
can directly review the reality of the 
proposed model and process, rather than 
summaries or abstractions. Dataiku gives 
customers in financial services a distinct 
advantage when it comes to executing 
on MRM, regulatory reporting, and other 
foundational use cases. 
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By using spreadsheets for business-critical data analytics, teams stifle their growth and 
create compliance remediation debt that will eventually need to be paid. By moving out of 
spreadsheets, they will be able to increase the size and number of unique datasets as well 
as the complexity of data analysis. They can escape the risk of their spreadsheet freezing, 
crashing, or losing information when a dataset is too large, and move on to processing 
large amounts of data, incorporating unstructured data processing, working with 
predictive models, and more, all within a well-governed and auditable environment. 

Additionally, as mentioned earlier in the ebook, moving out of spreadsheets also supports 
an upskilled and data-savvy workforce across all organization departments. Fully 
integrated and centralized data practices are the future of data science for banks. 

Dataiku removes the risk associated with heavy use of spreadsheets across myriad 
departments, providing instead a central, governed hub from which teams can work on 
and track project goals, inputs, and outputs, inner workings (like data sources), as well as 
track planned future project enhancements.

From Spreadsheets to Modern Analytics & 
Data Preparation 

Standard Chartered Bank: Building Collective 
Intelligence With Dataiku

Banks are sitting on a gold mine of diverse and 
growing data. Collecting it is not the challenge;  
the challenge is using it efficiently and changing 
behaviors to get real business results. 

Craig Turrell, Head of Plan to Perform (P2P) Data 
Strategy & Delivery at Standard Chartered Bank, 
knows this better than anyone. In his financial 
planning and analysis (FP&A) division alone, there are 
more than 400 people producing over 5,000 pieces 
of information every month, 90% of which can be 
automated. Here is where Dataiku comes in. 

continued on following page
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Craig and the team are using Dataiku to run three 
major systems at the bank and to refresh daily 
Tableau dashboards for all the bank’s finances, a 
laborious task previously done in spreadsheets. 
They’ve developed a data marketplace that people 
across the organization can leverage for plugging in 
other pieces to get answers from data (for example, 
analysts trying to understand the cost of the property 
can use the balance sheet from the data marketplace 
and plugin lease data). 

There are 12 communities across the bank leveraging 
Dataiku and building “digital bridges” to the CoE’s 
core structured intelligence. On average, two people 
armed with Dataiku are doing the work of about 
70 people limited to spreadsheets. That means 
increased analyst productivity by a factor of 30 
by replacing spreadsheet-based processes with 
governed self-service analytics.

The goal in the coming years will be to continue to 
upskill people with Dataiku to increase efficiency 
across more areas of Standard Chartered Bank.

The idea is not that individuals can do and build 
whatever they want with any data, but rather that a 
center of excellence (CoE) owns the core structured 
intelligence of the bank. That is, enterprise-level data 
connected to a homogeneous pool with product 
owners for every dataset and defined governance, 
which connects out to the entire organization. From 
there, the team builds specific experiences on top of 
that data that can deliver answers through core apps, 
and the ultimate “self-serve” flexibility comes from 
how people around the organization use those apps 
to solve business problems day-to-day.

from previous page
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Organizational Structure for Enabling 
AI & the Role of Data Governance

Centralized vs. Decentralized Models
After taking the first steps toward Everyday AI, how can the organization be ideally 
structured to ensure that the initiative continues to grow and that AI use cases multiply? 

In general, there are three models:

Centralized, otherwise known as the “center of excellence” model, where data expertise 
lives with one central team for the entire organization, which is then contracted out to 
lines of business as a service to help get data projects off the ground. This model can work 
well because it ensures a centralized strategy that develops best practices for deployment 
throughout all lines of business. However, it means that the data expertise won’t also be 
experts in the line of business (retail banking, insurance, investment, etc.), which places a 
larger emphasis on the need for collaboration with those experts.

CENTRALIZED
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Decentralized, where each business line has its own data resources dedicated only to that 
specific department. This model can work well because it means data resources are deeply 
embedded within the business and can have a broader understanding of the issues they 
face, therefore allowing them to develop more comprehensive and innovative solutions. 
However, it means that there is a larger risk of governance issues and previously-discussed 
“shadow IT” problems, as each data team develops its own processes and practices.

DECENTRALIZED
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Hub-and-Spoke is the model that attempts to find a middle ground between centralized 
and decentralized models. Originating from a core team, smaller teams are dispersed 
throughout all departments of a business. A pro to this method is that AI knowledge is 
spread across the enterprise while high levels of consistency and productivity are also 
ensured. With that said, alignment can become a challenge with this model, and it is more 
complex and timely to set up than the alternative options. 

Ultimately, it’s up to the organization to decide which works based on how the company 
is already organized, what the needs are for data projects, how solid communication is 
between lines of business, and more. The choice of model should be a conscious, well-
communicated one  

HUB-AND-SPOKE 
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Rabobank: Embedding AI Processes at the Pace of 
Innovation 

To fully appreciate their data transformation, it’s 
important to understand Rabobank as a company. 
Rabobank is a cooperative bank with a mission, and 
for 125 years, they have been dedicated to working 
with customers, members, and partners to create a 
future-proof society that can overcome important 
social challenges. A central pillar of Rabobank’s 
strategy has always been that together, they can 
achieve more than they could achieve alone.

It’s all about the business — from selecting the right 
data projects to delivering value, the business is front 
and center. Running data initiatives from an IT team 
or even a siloed data team alone can never bring 
the depth and value brought by domain experts. 
The secret is getting the two to collaborate deeply 
together.

Today, Rabobank services more than 165 colleagues 
on their on-premise Dataiku and Cloudera Hadoop 
environment, and they are migrating and scaling out 
to cloud services to enlarge and scale capabilities 
even further.

For Rabobank, one of the biggest advantages of 
Dataiku — and, according to Roe Dirks, Product 
Manager Big Data Lab at Rabobank, what some other 
technology doesn’t provide and some organizations 
don’t get — is that data projects progress. Often, the 
business starts out with a simple insights question, 
but those insights then lead to new initiatives. For 
example, if you know certain customers have certain 
risks, that starts out as a dashboard but quickly gets 
into predictive analytics and ML.
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The Role of Data Governance

Both CDOs and CIOs are instrumental in creating and upholding data governance 
strategies, which involve compliance with regulations, strategies for ongoing data quality, 
standards for data management and use, as well as plans for data architecture. It can be 
wise to document each facet of a data governance plan and hold every line of business 
responsible, regardless of the operating model.

Yet governance cannot remain only at the top: it must filter down through the organization 
to individuals working with data. If data governance isn’t easy for those with day-to-
day data roles, it likely won’t be followed. Thus, building an infrastructure that enforces 
governance at every level — such as through a data science, ML, or AI platform — is a 
critical piece of the equation.

https://content.dataiku.com/ai-governance-capgemini?lb_email={{contact.email}}
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Best Practices & Where to Go From Here

After seeing all of the possible use cases and successes in the banking world, it’s easy to get 
in over one’s head and set overly lofty ambitions. So, where should banks begin? 

To hone in on good potential first use cases for an AI project:

Start with a list of critical business issues, possibly soliciting feedback and ideas from 
teams across the company for a variety of use cases. The reality is that some use cases 
don’t work out; choosing multiple possible projects to start will more likely produce at 
least one successful project that can be used as a model for future data projects. 

Make sure that the initial use cases are relatively small. It’s always possible to work up 
to larger use cases over time, but once a large use case fails, it can be difficult to backtrack 
and then get the support and resources to try other projects. Consider breaking a larger 
process into modules that can be individually tackled and add value when individually 
completed. Choose one that combines relative simplicity with direct and easily explained 
business relevance and impact (often these are found furthest ‘downstream’, and thus 
closest to end-users). 

Look at each use case on the list and determine:

• What is the current process? For example, if one of the items on the list for the retail 
banking sector is “lower customer churn rates,” how are churn rates currently being 
calculated, who is responsible, what prevention techniques are in place to prevent 
churn today, etc.

• Would the use of data in general or data science/ML techniques specifically help with 
this business issue, and if so, how? For the churn example, maybe the answer is 
that yes, it would help by providing predictions of users likely to churn, which the 
marketing team can then target directly.
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• Do we have the data to use this use case? When choosing a use case, you’ll want to 
pick one for which data is already available. A requirement to collect new data sets 
as a prerequisite step for a first project is not ideal since it will at best significantly 
prolong the process, and may, at worst, turn out to be impossible to complete 
within a reasonable timeframe and budget.

• Where is the data stored and how can it be accessed? This can also potentially 
influence the decision if it will significantly slow or speed up the process. Do not 
pursue first projects that require sharing data across teams or countries if you do 
not have clarity on whether or not such sharing has already been authorized.

• Are we willing to work on this use case with an external partner? You may or may 
not wish to work on the first use case with a vendor or consulting team, and 
determining this from the outset can ensure the selected project is aligned to the 
resources and expertise available.

• Will this use case help me make money, save money, or do something I can’t do today?  
If the answer is “maybe” or “no,” then scratch it off the list. 

From there, the best candidate(s) for a first use case for ML projects will be executable in 
the given time frame, have clear deliverables and can be put into production for visible 
business results.
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In Summary

Implementing and continuing to extract value from AI is not a trivial task, but banks that 
take a step-by-step approach and set themselves up with the right infrastructure for 
people, processes, and tools can thrive. Those that don’t take the forethought to properly 
implement and support their AI strategy often find themselves slowly falling behind, losing 
both customers and talent. 

This ebook covered a lot of ground, so here are the top five overarching themes and 
takeaways:

1. Regulations are a unique challenge, but they don’t have to hold banks back in AI 
initiatives: While it’s true that the ways in which personal data can be obtained and 
used are limited (and will continue to become more limited in today’s strengthening 
regulatory environment), regulations don’t stop people from working with data within 
a well-defined data governance strategy. 

2. Topics like data trust, transparency, interpretability, and responsibility matter not only 
to customers but also to regulators. By extension, this means they need to be top of 
mind in terms of developing initiatives and governance strategies in the coming years 
for banks. 

3. Innovation is critical to hiring and retaining top data talent. Leveraging technologies 
and processes that are cutting-edge (and often, open source) ensure that those working 
with data are challenged and continually developing relevant skills.

4. Banks don’t need to start from scratch when scaling AI: The fact is that they already 
have many of the pieces in place, including staff across roles and business lines that 
are already using data to make decisions. That means the first steps are relatively low-
hanging fruit — making processes smoother for those already using data in their day-
to-day roles. More complex projects and use cases can bloom from there.

5. Data science, ML, and AI platforms are a clear win for banks: They can provide a 
platform for governance, including a transparent workspace from which to develop 
data projects within the confines of regulations. They can get staff out of spreadsheets 
and data experts into open source. And perhaps most importantly, they generally 
reduce the risk involved in getting started with advanced analytics, ML, and AI projects. 
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